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Table 1 Filterbank for feature extraction [Hz].

Frequency range  Subband width  Shift

A 20-505 25 20
B 500-1,005 55 50
C  1,000-2,005 105 100
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* A study on drum recognition from musical sound by using recursive neural network and feature extraction
considering frequency characteristics of each instrument, by KAMOZAWA, Hidefumi and TANAKA,

Motoshi (Akita University) .
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Fig. 1 Example of feature extraction.

(a) wave-
form of drum sound, (b) STFT spectrogram, and
(c) spectrogram after applying the filterbank.
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Fig. 2 Example of onset detection of kick drum.
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LSTM. (a) SD activation and (b) HH activation.
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Fig. 4 Recognition results for each test drum sound. (a) Recall, (b) Precision, and (c¢) F1.

Table 2 Average of recognition rate [%)].

LMS CQT Proposed
Recall 96.6 98.6 98.9
KD Precision 98.4 98.4 98.1
F1 97.3 984 98.5

Recall 97.6 97.6 96.4
SD  Precision 70.0 66.6 82.5
F1 794 776 87.9
Recall 98.3 98.6 98.3
HH Precision 94.7 98.4 95.0
F1 95.9 984 96.1
Overall F1 90.9 915 94.2
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